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Abstract

Digital images are subject to a wide variety of distortions because of time and operations
on them which means lose of information.

Image inpainting algorithms aim to reconstruct the missing areas in images, therefore get
rid of distortions, noises and missing information recovery. In general to evaluate
performance of image inpainting algorithms, every algorithm inpaints different group of
distorted images, calculate the traditional evaluation parameters (PSNR, SSIM) and
evaluate the performance based on them.

In this research was found that the traditional parameters are not suitable for performance
evaluation because of confusion that make decision, which algorithm is better, so hard.

This research aims to evaluate the performance of image inpainting algorithm by inpaint
same group of distorted images and propose new evaluation parameters to solve problems
in traditional parameters.

In this research, based on Python and MATLAB, three distorted images were inpainted via
three image inpainting algorithms and calculate both traditional and proposed evaluation
parameter.

In order to make fair evaluation the performance evaluation on same images and choose
good evaluation parameters is a must.

In this research was found that the parameters (NCC, MSE, EPIQA) are more suitable to
evaluate image inpainting algorithms performance.

Key words:

Image inpainting, performance evaluation, image quality assessment, evaluation
parameters.
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